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Abstract 
Twitter is having lots of users to allocate and distribute a large amount of recent information, 

various submission in Information Retrieval-IR and Natural Language Processing-NLP 

undergo harshly through the deafening and tinny kind of tweets. We recommend tweet 

segmentation framework in a group, called HybridSeg. By dividing tweets with significant 

segments, the background information is conserved and simply extract with the downstream 

applications. HybridSeg search the best segmentation of a tweet by increasing the addition of 

the stickiness score. Two tweet data sets is an experiment; it shows that tweet segmentation 

quality is extensively increased by learning both global as well as local contexts compared by 

using global context alone. Additional accuracy is able to name entity recognition by putting 

segment-based part-of-speech (POS) tagging. 
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MOTIVATION 
To increase the quality of tweet and finding 

the named entity. User may create tweets as 

Earthquake or now it is shaking, designed for 

earthquake or shaking might be keywords, but 

user might also make tweets such as we are 

going to Earthquake conference, or someone 

is shaking hands with me [1].  

 

Existing System 

Currently we have lots of social networking 

sites. But we are using all sites for update 

states, videos and sharing photos and so on. 

There are no alert for floods, earthquakes, bad 

weather situation. Also the segmented data are 

not summarized so it increases the redundancy 

and there will be a loss of time [2]. 

 

Disadvantages of System 

 Time loss. 

 Quality of message reduced. 

 

Twitter, is a one of the social type of media, 

has seen tremendous growth in recent years. It 

has attracted very large interests from both 

industry and academic world [2]. Many 

private and public sector have been described 

to observe Twitter stream to bring together 

and realize user's opinions about 

organizations. To understand the user 

discussion we collect the tweet and preprocess 

the collected tweet and perform the part of 

speech (POS) [3, 4]. 

 

Proposed System 

Tweets are sent for information, 

communication and also sharing. The named 

entities and semantic phrase is well conserved 

in tweets. The global context taken from Web 

pages, (e.g., Microsoft Web N-Gram corpus) 

or Wikipedia helps to recognize the important 

segments in tweets. The method realizing the 

planned framework that solely relies on global 

context is represented by HybridSegWeb.  

 

Tweets are highly time-sensitive; a variety of 

emerging phrases such as “She Playing” 

cannot be getting in external knowledge bases 

[5]. Though, taking into consideration a 

numerous tweets generated in short span, 

(e.g., a day) having the phrase, it is not 

problematic to identify “She running” as a 

meaningful segment and valid. We investigate 

two local contexts, namely local linguistic 

characteristics and local collocation. Note that 

tweets from various official accounts of news 

agencies, advertisers are likely well written 

and organizations. 
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The well conserved linguistic features in these 

tweets assist name entity recognition with 

more correctness. Every named entity is a 

suitable segment. The method utilizing local 

linguistic features is represented by 

HybridSegNER. It gets secure segments based 

on the selection results of multiple of-the-shelf 

NER tools. After the segmentation, 

preprocessing of the received data text place 

and clustering is applied. Final clusters are 

then sent to summarization process [6]. 

 

Advantages of Proposed System 

1. Achieve good quality tweet segmentation. 

2. Tweets are very time-sensitive. 

 

Proposed system Modules 

1. Collecting Twitter Data: We login to our 

system and collect data from twitter 

account through twitter API. 

2. Preprocessing: Performing the 

preprocessing on collected tweets like 

sentence detection, Stopword removal, 

sentence tokenization and Part of speech. 

3. Clustering: perform clustering 

4. Summarization: Performing the 

summarization on preprocess tweet to get 

the tweet summary. 

5. Ranking: we are doing raking on word 

count basis number of word count is high 

then its priority is high. 

6. Sentiment Analysis: To identify the 

positive and negative tweets count and it is 

easy to take that maximum user option is 

positive, negative or neutral. 

 

INTRODUCTION 
Twitter is a new type of social media, has seen 

incredible growth in current years. It has 

attracted very large interests from industry as 

well as academic world. A lot of private and 

public sector have described to monitor, 

Twitter stream is to collect and understand 

user's opinions regarding organizations. 

However, because of every day large quantity 

of tweets are generating, it is basically 

infeasible and avoidable to monitor also. 

Twitter stream listen completely. However, 

regularly Twitter stream is monitored instead 

every stream contains tweets that possibly 

convince some information desires of the 

monitoring organization. Targeted Twitter 

stream is generally construct by cleaning 

tweets with user-defined selection criteria 

depends on need of information. For example, 

the condition could be a region so that user's 

opinions from that exact area are collected and 

also monitored; it could also be more 

predefined keywords so as to thought about 

several specific events/topics/ products/ 

services can be monitored. An emerging need 

for initial crisis finding and respond with 

target stream. A cosmetic organization is 

automatically involved finding any latest 

named entities, (e.g., person, participant and 

location) in a targeted stream which makes the 

business and their products, which can tie to a 

possible PR crisis. Lots of investigators have 

published their study of Twitter to date, 

particularly in the previous year. First, few 

investigators have sought after to analyze the 

network structure of Twitter; second, few 

investigators have in particular inspected 

characteristics of Twitter as a social medium. 

Third, few investigators and developers have 

tried to make new applications by using 

Twitter. A document summary is keeping its 

core content and subsequently helps users to 

understand and interpret huge quantity of 

information present in the document. Text 

summarization is rewriting the text in a small 

compressed form to signify the original text. 

This task is done by humans after huge 

reading and well consideration of document 

content, selecting the most significant points 

and summarizing them into short edition. This 

paper focuses that twitter is good named entity 

recognition (NER) system [7]. However, the 

nature of tweets takes new challenges. Old-

style NER methods on well-formatted 

documents deeply depend on a phrases local 

linguistic structures, capitalization, part-of-

speech (POS) tags of preceding words, etc. 

but, regularly tweets nature is informal and 

short (up to 140 characters). They frequently 

contain misspellings, unreliable capitalizations 

and grammatical errors. These undependable 

linguistic features basis traditional methods are 

to perform ill on tweets. We use real examples 

to demonstrate the challenges while putting 

traditional NER on tweets [8]. 

 

SCOPE 

On target event accurately to achieve tweets 

by applying semantic analysis of a tweet, e.g., 

user by making tweets as an “Earthquake!” or 

“presently it is shaking,” for which shaking or 

earthquake might be keywords, but user may 
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as well to make tweets such as “I am attending 

an Earthquake seminar,” or “somebody is 

shaking hands with my boss.” By using a 

Support Vector Machine (SVM) we equipped 

the training data and device based on 

structures such as keywords in a peep, the lots 

of words and the background of target-event 

words. Later we got a typical of an incident 

then we are making a crucial theory: every 

Twitter user is considered as a sensor also 

every tweet is considered as complex material. 

 

SEGMENTATION 

To split a tweet into a sequence of consecutive 

n-grams, each of which is known as a 

segment. It may be a named entity, (e.g., a 

movie title “finding nemo”), a semantically 

meaningful information unit [9]. 

 

PREPROCESSING 

This takes input as Twitter collected data, 

preprocess on it with the help of OpenNLP 

with the following steps: 

1. Stopword Removal 

2. Tokenization 

3. Sentence segmentation 

4. Part-of-speech tagging 

5. Named entity extraction 

 

On the web the document summarization can be 

crucial solution to decreasing the information of 

overloaded problems. These kinds of 

summarization capability help to see user at a 

glance what a gathering is about and provide 

new manner managing information [10]. 

 

SENTIMENT ANALYSIS 

In sentiment analysis, we are identifying the 

tweet whether it is positive or negative or 

neutral tweet. As per the tweet category we are 

differentiating the tweet if the positive tweet 

count is greater than most of the people are 

talking positively, similarly for negative 

tweets. 

 

ALGORITHMS 
Figure 1 system architecture shows overview 

of algorithm, it is divided into three parts, an 

input text document, a summarization 

algorithm and a summarized text document as 

output. The summarization algorithm is again 

divided into the three parts; the text pre-

processing, frequent terms generation along 

with the semantically similar terms and 

sentence filtering module for summarization. 

The algorithm takes two input parameters - the 

input text document and number of frequent 

terms as the output. 

 

 
Fig. 1: System Architecture. 
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CONCLUSION 
We achieved Tweet Segmentation and Named 

Entity Recognition for tweets summarization. 

Segmentation preserves the semantic meaning 

of tweet which accordingly benefits in 

downstream applications, e.g., Named entity 

recognition. This system is precise than the 

word-base alternative that saves time and 

gives better summary of tweets. 
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